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All	  Graphs	  Are	  Wrong,	  
but	  Some	  Are	  Useful

Xan	  Gregg
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All	  models	  are	  wrong,	  but	  some	  are	  useful.

Since	  all	  models	  are	  wrong	  the	  scientist	  cannot	  obtain	  a	  
“correct”	  one	  by	  excessive	  elaboration.	  …	  overelaboration	  
and	  overparameterization	  is	  often	  the	  mark	  of	  mediocrity.

George	  E.	  P.	  Box	  (1976)

George	  E.	  P.	  Box	  (1979)
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Sander’s	  Parallelogram



Sander’s	  Parallelogram



Ebbinghaus	  Illusion



Ebbinghaus	  Illusion



Chubb	  Illusion



Chubb	  Illusion



Features,	  not	  Flaws



Resistance	  to	  Alternative	  Denotation
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Putting	  Theory	  Into	  Practice

•Information	  vs.	  Data	  

•Distance	  perception	  

•Color	  perception



•Graph	  the	  information	  

•Use	  (don’t	  abuse)	  pre-‐attentive	  processing	  

•Choose	  appropriate	  color	  scales	  

•Less	  is	  more



All	  Graphs	  Are	  Wrong,	  
but	  Yours	  Can	  Be	  Useful
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