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Briefing

1. Analyze Box-Cox Transformed Time Series (Time Series)

2. Fit State Space Smoothing Models (Time Series)

3. Analyze Forecasting Performance Using Holdback (Time Series)

4. Select Models Using Holdback (Time Series Forecast)
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Analyze Box-Cox Transformed Time Series

• Time series need to be transformed so that variations remain constant as 
series changes. Example: Seriesg.jmp, variation increases as value 
increases.
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Analyze Box-Cox Transformed Time Series

• Time series need to be transformed so that variations remain constant as 
series changes. Example: Seriesg.jmp

• Before JMP 16, series needs to be manually transformed, followed by 
differencing if needed, fitting models, selecting model, making forecasts, 
and finally transforming forecasts back to the original scale.

• Starting from JMP 16, one can provide a Box-Cox transformation 
parameter value, the software will transform the series before modeling 
and inverse transform the forecasts to the original scale.

• The platform also provides “Box-Cox Transformation Plot” for identifying a 
desired transformation parameter value.
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Analyze Box-Cox Transformed Time Series
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State Space Smoothing Models

1. Workhorse in Time Series Forecast Platform (JMP15).

2. Fit and forecast a lot of series quickly.

3. Easy to specify - usually in two to three clicks.

4. Forecasting performance is comparable to ARIMA..

5. We were not able to study them individually in JMP 15.
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State Space Smoothing Models – Highly Distilled



Copyright  © SAS Inst itute  Inc.  A l l  r ights reserved.

State Space Smoothing Models in Time Series

• State Space Smoothing Models are added 
along the side of ARIMA models in Time 
Series platform in JMP 16.
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State Space Smoothing Models in Time Series

• State Space Smoothing Models are added along the side of ARIMA 
models in Time Series platform in JMP 16.
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State Space Smoothing Models in Time Series

• State Space Smoothing Models are added along the side of ARIMA 
models in Time Series platform in JMP 16.

• We can study them more carefully.
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Interpret Forecasts from Models
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Interpret Forecasts from Models
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What have we learned about them?

• Serious contenders to some ARIMA models.

• NOT stationary. None of them (30 MODELS)!

• Component-wised model and interpretation: Level, Trend, Seasonality. 
Give these models a try, if you see:

• A linear or exponential growth trend

• With or without seasonality

• Non-stationary in general

• Be careful with stationary time series. (Try a simulated AR1.)

• AIC and other criteria are not comparable to those of ARIMA.
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Serious Contenders
• ARIMA(0,1,1)(0,1,1)12 No Intercept

• MMM12 Constrained
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Be Careful with Stationary Series

• AR(1)

• ANN12
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Forecast on Holdback in Time Series
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Forecast on Holdback in Time Series
Definition and Setup
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Forecast on Holdback in Time Series
Model Comparison using Holdback



Copyright  © SAS Inst itute  Inc.  A l l  r ights reserved.

What have we learned from holdback?

1. Information criteria describe how well a model fits the training data.

2. Holdback criteria describe how well a model performs over the 
holdback data.

3. The criteria are not equivalent to forecasting performance in the 
future. But give some degree of assurance.

4. Evaluating forecasting performance is NOT a part of model fitting 
process.
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Holdback Based Selection in Time Series Forecast
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Thank You!

http://www.sas.com/

